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Abstract Large language models (LLMs) such as ChatGPT are increasingly used to assist in scoring
open-ended responses, including Arabic grammatical analysis, yet their reliability relative to
trained human raters remains empirically underexamined for morphologically complex languages
like Arabic. This study evaluated ChatGPT's accuracy, agreement, and reliability in scoring an
Arabic grammar test against human raters, using a comparative quantitative, psychometric design.
The instrument comprised 20 essay items covering four aspects (i'rab, tasrif, tarkib,
vocabulary/spelling), administered to 20 eleventh-grade students at MAN 2 Kota Malang, yielding
400 scoring units rated by an expert key, a second independent rater, and ChatGPT (twice, for
test-retest). Analyses used exact-match percentage, Weighted Cohen's Kappa, and the Intraclass
Correlation Coefficient (ICC). ChatGPT's raw accuracy was 65.2%, but after correcting for chance
agreement, kappa was only 0.008 (not different from zero), far below the near-perfect agreement
between the two human raters (kappa = 0.891). Its test-retest reliability was perfect (identical
scores across all 400 units), yet single-rater ICC was poor (0.371). These findings indicate
ChatGPT is not yet suitable as an independent evaluator for Arabic grammar assessment: it is
internally consistent yet systematically lenient, awarding full marks to 27 of 33 items the expert
scored as entirely wrong (81.8%), and failing to distinguish weak from strong students at the
total-score level (r = 0.055, versus r = 0.995 between human raters) a "reliable but not valid"

pattern showing high reliability alone does not guarantee suitability as an evaluator.
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