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Arabic Language and Artificial Intelligence: Prospects for Developing Smart Digital Dictionaries
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Abstract

In recent decades, the world has witnessed an unprecedented digital revolution, in which
artificial intelligence has played a pivotal role, especially in the field of natural language
processing. The Arabic language, with its rich morphology, syntax, and semantics, faces
significant challenges in this area, which calls for a scientific approach that harnesses Al
technologies to devise innovative solutions for building intelligent digital dictionaries and
developing language learning tools. This article aims to provide a theoretical introduction

that highlights the relationship between artificial intelligence and the Arabic language,



while reviewing the main specificities of the language and the difficulties associated with

its automatic processing.

Keywords : Arabic Language; Natural Language Processing; Digital Lexicons; Machine
Learning.
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